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The regression surface filter

— Orientation and evaluation about the optimizing algorithms in the image processing —

O RVNEH

Image filtering, the basic operations of the image processing is useful to the following applications: noise
reduction, gradient analysis, frequency-band passing and so on. The filtering approaches might be categorized

a$ to the frequency domain” and to the image region”. Filter algorithms for image regions operates
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successively each pixel by using a convolution matrix or a statistics.

In this paper, the author focuses attention on the optimizing-filters as noise reduction, and describes about 2
optimizing algorithms. They are the gausian-filter and the regression surface filter. Both algo-rithms are
designed with configuration of neighbourhood pixels.

The gausian-filter is the most populer strategy for optimizing. It is useful to high frequency noise reduction.
The regression surface filter (proposed by the author) estimates noise by regression analysis. The algorithm does
not use any convolution matrix because it brings image misforming.

Each optimization algorithm's properties are shown by the frequency response and the signal-to-noise ratio of

the processed sample image.

® Key words
Image optimization
Noise

Gausian filter

Regression surface
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